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Abstract
In the analysis of the difference in the distribution and profiles of the equitable and sustain-
able well-being, the territorial dimension is a fundamental reading-key for local policies 
since it allows the areas of advantage or relative deprivation to emerge more accurately. 
Specifically, in Italy the provincial level coincides with the administrative area of metro-
politan cities, which are the subject of growing attention from European and national poli-
cies. The BES 2018 report by Italian National Institute of Statistics (ISTAT) has confirmed 
that from 2015 an improvement in many areas of well-being has been marked, even if ter-
ritorial differences remain stable both in levels and dynamics. These differences appear 
in some cases as real structural differences between the North and South of Italy. Then, 
the measures of equitable and sustainable well-being in the territories allow, in various 
degrees, to deepen and specify this situation employing synthetic measures of well-being. 
In this work, we propose a statistical methodology focused on the simultaneous partial 
least squares structural equation modeling and simultaneous K-means clustering to obtain 
a composite indicator of Italian well-being and at the same time a classification of Italian 
territorial micro-areas by means of the just updated provincial data about BES 2018. In this 
way, the territorial differences of well-being can be more reliably and more exactly defined 
on the basis of the relationships among all elementary indicators and domains proposed in 
the analysis of well-being by ISTAT.
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1 Introduction

The territorial dimension is a very important key for local policies in the analysis of the 
distribution and profiles of the equitable and sustainable well-being, since it allows areas 
of advantage or relative deprivation to emerge more accurately. This is relevant overall in 
Italy, where the provincial level coincides with the administrative area of metropolitan cit-
ies, objects of growing attention from European and national policies.

The BES 2018 report by Italian National Institute of Statistics (ISTAT) has confirmed 
that from 2015 an improvement in many areas of well-being has been observed, even if ter-
ritorial differences remain stable both in the levels and dynamics. These differences appear 
in some cases as real structural differences between the North and South of Italy. Then, 
the measures of equitable and sustainable well-being in the territories allow, in various 
degrees, to deepen and specify this situation employing synthetic measures of well-being.

In the present study, the Partial Least Squares Structural Equations Models and, simul-
taneously, K-means clustering method (PLS-SEM-KM) proposed by Fordellone and Vichi 
(2020), are employed in order both to build a well-being composite indicator and simulta-
neously cluster the territorial micro-areas on the basis of different levels of the built com-
posite indicator.

The methodology PLS-SEM-KM (Fordellone and Vichi 2018), differently from the pro-
posed PLS-SEM methods, does not mainly focus on heterogeneous structural or measure-
ment model relations but on the isolation and homogeneity (between and within clusters) 
derived by a unique structural and/or measurement relationship (Fordellone et al. 2019).

For a review on the use of PLS-SEM to build composite indicators, see also Esposito 
Vinzi et  al. (2010), Boccuzzo and Fordellone (2015), Cataldo et  al. (2017), Lauro et  al. 
(2018), and Davino et al. (2018). Russolillo (2012) extends the PLS-SEM to the non-met-
ric approach (NM-PLS-SEM) in order to spread the applicability of PLS method to data 
measured on different measurement scales, as well as to variables linked by non-linear 
relationships. NM-PLS is based on the concept of optimal scaling (OS). This methodol-
ogy is useful for composite indicator building when observed variables are qualitative and 
quantitative.

In general terms, the researcher is focused on clustering the units and identifying a com-
posite indicator of well-being and its structural and measurement relations, based on a set 
of observed variables that characterise both the well-being levels and the clusters of territo-
rial micro-units or regions aggregated through well-being levels.

The paper is structured as follows: in Sect.  1, the well-being concept is defined; 
in Sect.  2, the measurement of well-being is discussed; in Sect.  3 the PLS-SEM-KM 
approach is presented; in Sects. 4 and 5 the application on BES data of the PLS-SEM-KM 
simultaneous approach and the results obtained by the composite indicator construction are 
shown, respectively; in Sect. 6 some concluding remarks on the proposed methodology and 
suggestions for future research are given.

2  Defining Well‑Being: An Open Challenge

On April, 15th 2014, Alex Michalos, leader of “Movement for Social Indicators” in 1960s 
and editor of Encyclopedia of Quality of Life and Well-Being Research (2014), in an inter-
view with Dan Weijers (editor of International Journal of Wellbeing) declared:
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I identify wellbeing with a life of good quality, all things considered. There is no rule 
book about what should be included in the “all things considered” (Weijers 2014, 
106).

From this very authoritative standpoint, well-being is a term used to denote quality of life 
overall, but, it is equally clear that the concept is really not well defined, so that many 
scholars still discuss the meaning to assign in order to capture overall well-being of some 
sort.

In recent years, many researchers (Hagerty et  al. 2001; Michalos et  al. 2011; Veen-
hoven1996; Stiglitz et  al. 2009; Fleurbaey and Blanchet 2013) have described several 
reviews of well-being measures, based on statistical properties and normative theories, 
introducing conceptual classifications of subjective and environmental indicators, rigor-
ously separated from human well-being indicators (Barrington-Leigh and Escande 2018). 
Pollard and Lee define what constitutes well-being: “a complex, multi-faceted construct 
that has continued to elude researchers’ attempts to define and measure” (2003, p. 60). The 
concept, indeed, is composite and articulated in main dimensions and liveability factors, 
each with a relative significance, such as living standard, health and environmental quality, 
education, meaningful work, leisure time, freedom, personal and community relationships, 
peace and security, opportunities, economics, trying to understand how people and govern-
ments can make welfare-enhancing choices, etc. In scholarly research, quality of life or life 
satisfaction, prosperity, happiness and other such terms are often used as synonymous of 
well-being even if they are different in nuances, i.e., life satisfaction describes a cognitive 
judgement, whereas happiness an emotional feeling.

Most of the social sciences focus primarily on how individuals feel and live factors and 
associated components, identified as contributors to well-being. Subsequently, the different 
magnitudes of their impacts and implications also in terms of indirect relationships or spu-
rious effects are considered. Thus the concept is inflected along several nuances:

• by evaluative sense as a global, contemplative, long-term assessment, reflective of 
quality of life over the life course;

• by emotional sense measured by the positive or negative affect-based mood experi-
enced immediately and potentially more transient (Kahneman and Deaton 2010; Gra-
ham 2010);

• by subjective experience like psychological experiences, attitudes, life choices, prefer-
ences, etc.; measured through population surveys by Cantril’s self-anchoring ladder;

• by objective dimensions measured by external factors and numerical indicators of 
income, health, environmental quality, security, and other tangible goods as determi-
nants of life satisfaction and quality or happiness (Sen 1999).

In Dodge et  al. (2012) propose a new definition of well-being as the balance point 
between a psychological, social and physical individual resources pool and the psychologi-
cal, social and physical challenges faced.

Besides academia and popular literature, agencies in the governmental sphere are con-
cerned with well-being, since happiness and well-being have long featured in politics and 
in public policy (Allin and Hand 2014). Hence, the research on well-being is employed 
to inform policy with the aim of increasing overall societal well-being and many meas-
urement programmes, such as the Measuring National Well-being by Office for National 
Statistics in United Kingdom, explore the role of well-being in formulating and analysing 
public policy (Allin and Hand 2017).
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Measuring well-being presents challenges at various levels. Firstly, how to construct 
reliable measures in order to capture both the concept of interest and be sensitive to differ-
ences among their components to obtain accurate measures. Furthermore, statistical issues 
to contend with include selection bias in collected data, identifying the sources of uncer-
tainty and measuring the effect, and producing, a single overall measure, or different indi-
cators for different aspects of national well-being measured on different scales.

Since the introduction of the System of National Accounts (SNA) and until the end 
of the twentieth century, policy-makers focused their actions on maximising the growth 
of economic measures such as the Gross Domestic Product (GDP) per capita which was 
mostly used as a proxy for the measurement of a population’s well-being, neglecting that 
such as measures do not take into account a wide range of different dimensions or domains 
affecting living conditions, environmental quality, personal health, security, and family and 
community relationships (Afsa et al. 2008; Rojas and García-Vega 2017). Despite the fact 
that many economists assessed that an economic growth does not automatically imply an 
increase in overall quality of life, due to an ineffective coincidence between production 
and well-being, as a consequence sheer economic measures could be inadequate to depict 
complex phenomena, such as well-being (Kuznets 1937). Even its creator, Kuznets in 1934 
declared at the American Congress: “the welfare of a nation can scarcely be inferred from a 
measure of national income” (Adler and Seligman 2016).

Nevertheless GDP may be an extremely useful economic indicator, it ignores many fac-
tors related to the well-being concept, such as health care or life quality. If GDP is not fully 
related to social progress, then other relevant, measureable, and reliable measures have 
been defined and operationalized, taking into account rather than a single metric (Forgeard 
et  al. 2011), multiple dimensions aligned with actual well-being levels. Over last four 
decades of research have yielded an extensive number of measures for different domains 
of well-being based on instruments that best capture social well-being, and individuals, 
organizations, and governments can choose domains to devise strategic policies. Then, 
some alternative measures have been explored to analyse well-being and design policies 
(Giannetti et al. 2015):

• Measure of Economic Welfare (MEW);
• Sustainable MEW (SMEW) based on adjustments made to the Net National Product 

(NNA) by Nordhaus and Tobin (1972);
• the Japanese SMEW and the Zolotas’ Economic Aspect of Welfare Index (Redclift 

2005);
• the Human Development Index (HDI) from the United Nation Development Program 

(Ul Haq 1995), which underlines the importance of non-monetary measures;
• the Index of Sustainable Welfare (Daly and Cobb 1994) introducing the concept of sus-

tainability;
• the Genuine Progress Indicator (Talberth 2007).

The measures of well-being, economic progress, and social welfare are adopted as driv-
ers for designing public policies by decision makers and governments (Jayawickreme et al. 
2012; Layard 2011; Sachs 2012). They more accurately depict changes not only in indi-
vidual living standards (Helliwell et  al. 2012) but simultaneously also in comprehensive 
national economic growth (Diener et al. 1985, 2009).

Since around 2000 the Organisation for Economic Cooperation and Development 
(OECD) embarked on a global project to measure the well-being and progress of socie-
ties in ways that were not just about economic performance, involved in setting up and 
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supporting the Commission on the Measurement of Economic Performance and Social 
Progress (CMEPSP), established by the then President of France, Nicolas Sarkozy, and 
convened in 2008 and led by Joseph E. Stiglitz, Amartya Sen and Jean-Paul Fitoussi. On 
the report of the Commission, the aim was “to identify the limits of GDP as an indicator 
of economic performance and social progress, including the problems with its measure-
ment; to consider what additional information might be required for the production of 
more relevant indicators of social progress; to assess the feasibility of alternative meas-
urement tools, and to discuss how to present the statistical information in an appropriate 
way” (Stiglitz et al. 2009, p. 8) in order to come up with a new, broader definition of 
prosperity but “GDP is not wrong as such but is wrongly used” (ibidem). The limits of 
GDP are reviewed also as a standard of the well-being of societies taking into account, 
for example, how GDP does not address economic inequality, happiness, quality of life, 
wellness, and other crucial societal parameters, and does not integrate environmental 
services into economic decisions (Stiglitz et al. 2010).

The Commission’s Report (Stiglitz et al. 2009) is nominally a very interesting set of 
proposals or guidelines for creating alternatives to GDP on how to develop measures of 
wealth and social progress in three basic domains of material conditions, quality of life, 
and sustainability, encouraging international statistical organizations to modify their set 
of statistical indicators in light of their recommendations in the wake of the worst finan-
cial, economic and social crisis in post-war history which severely affected most of the 
economics all over in the world in 2008. The aim is to avoid the future being riddled 
with financial, economic, social, and environmental failures by changing the way that 
we live, consume and produce, suggesting that changing the way that economic perfor-
mance is measured, is a necessary precursor to changing behaviour (Stiglitz et al. 2009).

Specifically, the evolution of modern economies has produced many structural 
changes, which make the measurements of outputs and performances more difficult than 
in the recent past, such as the growing share of medical, educational, research, security, 
financial services and the production of many goods like information and communica-
tion technologies. For the development of a broad statistical measurement system, the 
Report recommends “to shift emphasis from measuring economic production to meas-
uring people’s well-being” (Stiglitz et  al. 2009, p. 12) without dismissing GDP and 
other economic measures, like income, consumption, and wealth, but complementing 
by several dimensions of people’s quality of life standards or material well-being, like 
inequality, health, education, personal activities, and environmental conditions. The aim 
is to assess well-being and progress of society and to predict life satisfaction and, thus, 
sustainability of at least the current level of well-being for future generations by means 
of a dashboard of reliable, robust, and accurate statistical measurements or indicators of 
social connections, political voice, and security in order to support making decisions, 
designing and implementing policies, and affecting the management of economic mar-
kets by governments, institutions, businesses, and individuals.

More recently, other scholars (Ven 2015; Fleurbaey 2015) have called for a new 
generation of multifaceted and more comprehensive well-being measures, better able 
to describe actual living standards and useful for a more accurate design of policies 
improving efficiency in resources assignment. For instance, Office of National Statistics 
in the United Kingdom has developed new and more comprehensive well-being indi-
cators but with limited geographical scope (Dolan and Metcalfe 2012; Everett 2015), 
whereas a much larger initiative was undertaken with the Better Life Index (Durand 
2015), which provides information on several well-being dimensions, and many other 
measures have been proposed in literature (for a recent review, Barrington-Leigh and 
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Escande 2018), used also to compare the level of well-being across the countries (Peirò-
Palomino and Picazo-Tadeo 2018).

Often the increasing gap between the socio-economic statistical measures, like the 
information of the aggregate GDP data, and the citizen perception of the same phenomena 
is explained through the lack or inadequacy of good and understandable metrics and their 
appropriate use. In accordance with the complexity of modern economics and the wide-
spread supply of information technology, new statistical indicators covering new domains 
are being produced to supplement the national accounts, and in particular to go beyond the 
headline of GDP metric, just inadequate to gauge over time the economic, environmental, 
and social dimensions of well-being, often referred to as sustainability. GDP is not the only 
right measure of economic growth (Van den Bergh 2009) and most of actual indicators do 
not reflect the meaning intended by the government (Tasaki and Kameyana 2015).

A series of measures of well-being, inspired by the Nussbaum-Sen approach to human 
capabilities and subjective well-being (Nussbaum and Sen 1993), have been proposed in an 
attempt to go beyond GDP with the aim to broaden the scope of effects in the assessment 
of policies. For instance, the Human Development Index by UNDP or the Better Life Ini-
tiative launched by the OECD (OECD 2015) and many other approaches are based on the 
income, health, and education measurements of the countries’ performance (for a review, 
see Fleurbaey and Blanchet 2013). With the aim of overcoming the limits of the measures 
of subjective well-being and social welfare, Decancq and Schokkaert (2016) proposed to 
calculate a new measure of the level of well-being. It is based on the concept of equiva-
lent income of an individual as hypothetical income which, combined with the best perfor-
mance of other non-economic dimensions, would define the individual income as well as 
actual income.

Michalos et al. (2011) assesses as the weakest feature of the Commission’s Report to 
link the requirements of an acceptable measure of well-being or quality of life to those of 
an acceptable measure of sustainability: “The assessment of sustainability is complemen-
tary to the question of current well-being or economic performance, and must be examined 
separately…. confusion may arise when one tries to combine current well-being and sus-
tainability into a single indicator.” (Stiglitz et al. 2009, p. 17). In Michalos’s opinion, it is 
true that a good measure of the quality of life is a necessary condition for possessing of 
a good measure of its sustainability but “… there is a clear asymmetry of order such that 
the second task cannot be accomplished unless the first task is accomplished and directly 
linked to it.” (Michalos et al. 2011, p. 121). As a consequence, he considers it dangerous 
to insist on the need to separate the two tasks even though only a single measure will not 
accomplish both tasks. The sustainability is a very different topic and it is better measured 
separately by indicators about the level of capital transmitted to future generations than by 
the level of GDP of the current generation (Neumayer 1999; Fleurbaey and Blanchet 2013).

3  Measuring Well‑Being by Indicators for Policy Making

According to the wider literature on well-being indicators (Scott 2012; McGregor 2015), 
they shed light on the nature and role of evidence in promoting well-being in policy for-
mulation (Bache 2019). Well-being indicators are expected to enhance the rationality of 
policy making and public debate by providing a supposedly more objective, robust, and 
reliable information base, for purposes ranging from scientific, professional, and experien-
tial knowledge to political administration in various venues of policy-making. Moreover, 
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in Mulgan’s (2005) terms, well-being indicators can be considered an inherently novel pol-
icy field such as measures of government performance, mandatory reporting, auditing and 
ex ante and ex post evaluation by external agencies for advocacy for specific worldviews, 
community empowerment and capacity building, within a framework called ‘governance 
by numbers’ (Lehtonen 2015). Then, indicators are employed to policy formulation.

Also subjective indicators are expected to focus on policy issues (Lehtonen 2015), in 
assessing performance and comparing policy options or objectives, in order to monitor the 
quality of service, inform about the choices and debate in the media, or justify a given 
policy design in terms of choice of models, tools and measures, and also for performance 
benchmarking, public accountability, agenda-setting, best practices adoption, resource allo-
cation decisions, and monitoring progress by non-governmental actors and stakeholders 
(Seaford 2013).

Much of the existing literature on well-being indicators lacks the general consen-
sus on what well-being means and how to measure it, many  statistical approaches have 
been adopted to build composite measures as a composite indicator or a composite index 
through conceptual and mathematical combinations of different elementary indicators 
based on theoretical frameworks (Salzman 2003; Maggino 2017) and taking into account 
the availability of data over time and in territorial units (Mazziotta and Pareto 2013).

From a technical point of view, many methods are employed to measure the well-being 
level through composite indicators but no method is universally valid to select indicators 
based on theory-driven criteria and suitable to measure correctly the concept, to aggre-
gate, and normalise a set of input variables and define a weighting and aggregating system 
(OECD 2008; Dobbie and Dail 2013), with the aim to simplify the analysis of the multidi-
mensional concept in accordance with a formative or reflective measurement model, where 
elementary indicators are causes or effects of the latent variable, respectively (Michalos 
2014; Simonetto 2012).

In order to select elementary indicators suitable to capture different aspects of the equi-
table and sustainable well-being concept “on the basis of their analytical soundness, meas-
urability, country coverage, relevance to the phenomenon being measured and relation-
ship to each other” (OECD 2008, 15), synthetic approaches finalised to the computation 
of robust and valid composite indices have become increasingly widespread to allow for a 
direct comparison across countries, or regions, and over time, as well as for easy commu-
nication of their performance to policy-makers and citizens. Principal Component Analysis 
(PCA) for metric variables or Categorical Principal Components Analysis (CATPCA) for 
nominal, ordinal and continuous variables have been largely employed with the specific 
aim to reduce the multidimensionality of economic development, quality of life, or wel-
fare composite indices. When the aim is to build a composite indicator, PCA or CATPCA 
are inappropriate (Shalizi 2009; Jolliffe and Cadima 2016), mainly because they ignore 
the polarities and the meaning of indicators. Recently, in the building process of the well-
being composite indicator the Geographically Weighted PCA has been proposed to derive 
a set of local weights taking into account the spatial variability of the elementary indicators 
involved, assessing human and ecosystem well-being in the Italian urban areas (Sarra and 
Nissi 2019).

Nevertheless, PCA is also used for this purpose but the choice of the measurement 
model is crucial because it defines if the relationships between the composite phenomena 
to be measured as latent variable and the elementary indicators are determined through a 
formative or reflective form (Mazziotta and Pareto 2019). In the case of well-being and 
other economic composite measures based on objective and subjective indicators (Maggino 
and Zumbo 2012), the most employed models are formative because the latent measures 
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are determined by non-interchangeable elementary indicators such as health, income, 
occupation, services, environmental quality, etc., and not vice versa: the well-being value 
increases if the value of any indicator—and not necessarily of all—improves. In the case of 
psychological and management sciences, the reflective models are used for scaling models 
of satisfaction or attitudes, based exclusively on subjective measurements.

In any case, it can be important to distinguish between (a) components of the measure, 
(b) potential causes which influence the value that it takes, (c) consequences which change 
as it takes different values and (d) other indicators which are merely correlated with it (Van 
Beuningen et  al. 2014). Of course, deciding into which category a variable fits may not 
be straightforward. Nonetheless, such relationships can be used to enhance the accuracy 
of a measure through regression estimation or more elaborate linear structural relational 
models, for instance Fayers and Hand (2002) describe a combination of causes and conse-
quences to estimate an intermediate quality of life index.

Based on a revision of the composite well-being index (Mazziotta and Pareto 2016), 
where all the single indicators of well-being are normalized through a linear combination 
of z-scores (De Muro et al. 2011), a very interesting and recent index proposes a non-com-
pensatory approach to build a composite index which requires to balance all the non-sub-
stitutable dimensions of well-being through an adjusted aggregation non-linear function 
taking into account unbalance (Mazziotta and Pareto 2018). Starting from the arithmetic 
mean of the normalised elementary indicators for each region, a penalty coefficient is intro-
duced based on the variability among indicators in the region itself. Then the indicators are 
normalised by a re-scaling according to a minimum and a maximum value of each vari-
able allowing to perform absolute comparisons over time and to compare data across units. 
The resulting adjusted unbalanced composite index is called the Adjusted Mazziotta-Pareto 
Index (AMPI). It is employed to obtain a composite measure for each dimension of well-
being since the 2017 third edition of the ‘‘Report on Equitable and Sustainable Wellbe-
ing’’ (“Benessere Equo e Sostenibile”—hereafter, BES) by National Institute of Statistics 
(ISTAT) and the National Council for Economy and Labour (CNEL) in Italy.

The awareness about the crucial role in policymaking and benchmarking (OECD 2008) 
and the relevance of BES indicators in terms of economic and financial planning reached 
its peak with the declaration by the Italian Government on 2014 to monitor the progress of 
some BES indicators considered relevant within the annual Economic and Financial Docu-
ment (DEF). In particular, the Government with the Committee for BES indicators has 
enforced the analysis of 12 indicators included in the dimensions of the BES, selecting for 
the monitoring the indicators 1, 2, 7, 11 and also 3 of the following list.

 1. available average income adjusted per capita
 2. index of inequality of disposable income
 3. index of absolute poverty
 4. life expectancy in good health at birth
 5. excess weight
 6. early exit from the education and training system
 7. rate of non-participation in the work, with relative breakdown by gender
 8. ratio between the employment rate of women aged 25–49 with pre-schoolers and 

women without children
 9. predatory crime index
 10. index of efficiency of civil justice
 11. CO2 emissions and other altering climate gases
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 12. index of illegal construction.

4  Partial Least Squares K‑Means Approach

4.1  Algebraic Notations

Before showing the modeling details, the notation and terminology used in this paper are 
here presented (Table 1) to allow the reader to easily follow the subsequent formalizations 
and algebraic elaborations.

4.2  Model and Algorithm

Given the n × J data matrix X, the n × K membership matrix U, the K × J centroids matrix 
C, the J × P loadings matrix � =

[

�H,�L

]

 , the n × P latent variables matrix � = [�,�] , 
and the errors matrices Z, E and D, the Partial Least Squares K-Means model can be writ-
ten as follows:

subject to constraints: (1) �T
� = � ; and (2) � ∈ {0, 1} , �1

K
= 1

n
 . Thus, the PLS-SEM-

KM approach includes the PLS-SEM and the clustering method (i.e., � = �� and then, 
� = �� becomes � = ���).

In fact, the third set of equations is the Reduced K-means model (De Soete and Car-
roll 1994) and the three sets of equations will produce a partitioning of the units and the 

� = ��
T + ��

T + Z,

� = ��
T + � = ��

T

H
+��

T

L
+ �,

(1)� = ����
T = ���H�

T

H
+ ���L�

T

L
+ �

Table 1  Matrix notation

n, J
H, L, P
K

# of:
# of:
# of:

Observations, MVs
exogenous LVs, endogenous LVs, LVs (P = H + L)
clusters

�

H
Y
�

B
Z
X
E
�

�

�
�

�

T
�

U

n × H

n × L

n × P

L × H

L × L

n × L

n × J

n × J

J × H

J × L

J × P

n × H

n × L

n × K

exogenous LVs matrix
endogenous LVs matrix
LVs matrix � = [�,�]

path coefficients matrix of the exogenous LVs
path coefficients matrix of the endogenous LVs
errors matrix of the endogenous LVs
data matrix
errors matrix of the data
loadings matrix of the exogenous LVs
loadings matrix of the endogenous LVs
loadings matrix � =

[

�H,�L

]

errors matrix of the exogenous LVs
errors matrix of the endogenous LVs (measurement model)
memberships matrix (binary and row stochastic)
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corresponding SEM, simultaneously. Moreover, gap method discussed in Tibshirani et al. 
(2001) is embedded in the PLS-SEM-KM algorithm in order to automatically select the 
optimal number of clusters. Note that, in the PLS-SEM-KM algorithm the centroid matrix 
C and the loadings matrix � simultaneously converge to an optimal solution that turns 
out to be at least a local minimum. It is important to remember that the algorithm, given 
the clustering constraints on U, can be expected to be rather sensitive to local optima. For 
these reasons the use of a multi-start procedure is recommended, i.e., PLS-SEM-KM is 
randomly started several times and the best solution is retained (for details on this meth-
odology the reader can refer to Fordellone and Vichi 2020). In fact, in our application we 
have used 200 random starts and the results seem to be more stable.

5  Building a Well‑Being Composite Indicator Through BES Data 
at Local Level

In the Commission’s Report (Stiglitz et  al. 2009), we can read: “At the national level, 
round-tables should be established, with the involvement of stakeholders, to identify and 
prioritise those indicators that … The Commission hopes that this report will provide the 
impetus not only for this broader discussion, but for on-going research into the develop-
ment of better metrics” (p. 18). So, in other European countries, the National Statistical 
Institutes are involved in cross-cutting issues regards measuring the inequalities and/or 
inequities in the distribution of economic measures and assessing the relationships between 
material living standards, health, education, etc., in order to constructing an aggregate 
composite scalar measure, such as a quality of life index (Michalos 2005; Maggino and 
Zumbo 2012; Haq and Zia 2013).

The debate on the meaning of well-being and its measurement has produced many stud-
ies carried out at country scale and specifically, at local level, too. The well-being com-
posite indicator and the indicators tout-court, indeed, are purposely aimed to inform and 
affect societal, political and institutional processes. In Italy, indicators of well-being are 
being used more and more in policy-making at national level but also regional or local 
level involving public institutions.

From a theoretical point of view, the relationship of well-being assessment with pol-
icy-making process in sectors such as healthcare, education and training, or local services 
is the rationale proposed for analysing the well-being measures at local level. Since the 
policies of local governmental authorities have a direct and huge impact on the social and 
economic context where the people lives, the assessment of living standards at provincial 
level allows evaluating the economic, environmental and social needs of the citizens by the 
policy-makers at any level of government, in order to implement and design decentralised 
policies to take on the real issues.

Several studies (Eger and Maridal 2015). compare well-being at national level among 
industrialized countries by using the official UNDP Human Development Index (HDI) 
(Conte et al. 2007) or measuring the HDI at provincial level (Casmiri and Di Berardino 
2013; Monni 2002) or measuring the socio-economic development and living conditions 
among the Italian provinces (Nuvolati 2003).

In Italy, the report on equitable and sustainable well-being (Benessere Equo e Sos-
tenibile, BES) is published by ISTAT every year together with the updated set of indi-
cators developed by ISTAT since 2013, which have now become a reference point at 
national and territorial level (“Provincial BES” and “UR-BES” initiatives). Some 
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studies have focused on the construction of well-being composite indexes to evaluate 
and compare well-being specifically across the Italian provinces. Mazziotta and Pareto 
(2019) obtain a global well-being index by aggregating 11 composite indices with 
AMPI (Mazziotta and Pareto 2016) and rank Italian provinces for each dimension of 
well-being and a general ranking.

Based on a data dashboard containing 41 elementary indicators, selected from the 
original 88 related to the 2014 edition of BES, aggregated by 11 domains for the Italian 
provinces, Chelli et  al. (2017) define the method for normalizing elementary indicators 
and compare different aggregative approaches proposing a class of composite indices for 
each BES domain based on Adjusted Mazziotta-Pareto Index (AMPI) and the Gini based 
weighted average (GW and RGW). As above depicted, AMPI takes into account the unbal-
anced distribution among the indicators belonging to the same well-being domain, whereas 
GW and RGW depend on the distribution of each indicator across the local units. Also 
combinations of them are considered (GAMPI and RGAMPI). The indices allow at illus-
trating the difference in the rankings of the different patterns among Italian provinces and 
just within same region, accounting both for different distribution of the values of indica-
tors between the provinces, expressed in terms of the Gini coefficient, and for the variabil-
ity within each domain (Mazziotta and Pareto 2016).

Recently, Calcagnini and Perugini (2019) have proposed a composite indicator of well-
being for the Italian provinces (NUTS-3) based on the methodology of the regional Index 
of Regional Quality of Development (QUARS) to analyse the extent to which the socio-
economic heterogeneity in individual and contextual features within region affect the well-
being among adjacent provinces.

The conceptual structure (Giovannini et  al. 2012) of the BES considers 9 domains 
related to aspects that directly influence well-being (health, education and training, work 
and reconciliation of life time, economic welfare, social relations, safety, subjective well-
being, environment and landscape, and cultural heritage), plus 3 instrumental or context 
domains (politics and institutions, research and innovation, and service quality). The work 
is not just an editorial product, but a line of research, a process that takes the multidimen-
sionality of well-being as a starting point and, through the analysis of a wide set of indica-
tors, describes in a comprehensive way the quality of life in Italy. A series of 130 elemen-
tary indicators and a synthesis through composite indicators related to all of 12 domains 
are organised in 12 chapters, each corresponding to each well-being domain (ISTAT 2018).

In the present study, we employ the methodology focused on the simultaneous Partial 
Least Squares Structural Equation Modeling (PLS-SEM) and K-Means clustering to obtain 
a composite indicator of Italian well-being and, simultaneously, a classification of the Ital-
ian provinces based on BES 2018 available provincial data. The dataset consists in 109 
units (Italian provinces) and 16 available indicators organised in 9 different domains and 
employed as manifest variables in the analysis (Table 2 and Fig. 1). The conceptual struc-
ture of the 9 domains corresponds to the one given by Giovannini et al. (2012). For the 
reduced availability of data, 5 domains: “Health” (LV1), “Economic Well-Being Income 
and Inequality” (LV4), “Policy and Institutions” (LV5), “Cultural Heritage” (LV7) and 
“Innovations Research and Creativity” (LV9) are actually represented each one by a sin-
gle MV: MV1, MV8, MV9, MV13 and MV16, respectively. Thus, in these cases the MV 
should represent a strong proxy of the corresponding dimension. The polarity of the MVs 
with respect to the general concept of well-being is reported in Table 2, where the positive 
sign shows concordance between the MV and the general concept of well-being.

The path diagram in Fig. 1 shows the structure of the relations considered for the con-
struction of the composite indicator.



418 V. Tomaselli et al.

1 3

The diagram represents the multiple indicators multiple causes (MIMIC) model, where 
some formative latent blocks and an overall reflective block are included in the model (for 
details see Ringle et al. 2012).

Table 2  List of manifest variables for each domain at provincial level Source: ISTAT, BES 2018

a The ± sign next to each indicator is referred to the relationship with well-being concept: positive sign 
means concordance between well-being and the manifest variable; negative sign discordance
b Incoming and outcoming migration rate of Italians (25–39  years old) with tertiary degree is computed 
through the ratio between the migration balance (difference between enrolled and cancelled by transfer of 
residence) and residents. For provincial values intra-provincial movements are not considered but among 
provinces of the same region or intra-regional movements and regional movements and with foreign coun-
tries, too

Indicator Polaritya

LV1. health
 MV1 Healthy life expectancy at birth +

LV2. education and training
 MV2 Graduates and other tertiary degrees 30–34 years +
 MV3 Early exit from the education and training system (NEET) -

LV3. work and conciliation of life times
 Occupation
  MV4 Unemployed rate –
  MV5 Unemployed rate 20–64 years (Extra proxy) –
  MV6 Young employment rate 20–29 years +
  MV7 Young unemployment rate 20–29 years (Extra proxy) –

LV4. economic well-being income and inequality
 Minimum economic conditions
 MV8 Great economic difficulty (Extra proxy: Rate of bad debts of bank loans to families) –

LV5. politics and institutions
 MV9 Overcrowding of prisons –

LV6. safety
 MV10 Murders –
 MV11 Robberies (Extra proxy: Other violent crimes reported) –
 MV12 Theft in dwelling, pickpocketing (Extra proxy: Diffused crimes reported) –

LV7. cultural heritage
 MV13 Availability of urban green +

LV8. Environment
 MV14 Energy from renewable sources (Extra proxy) +
 MV15 Separate collection of urban waste +

LV9. innovation, research and creativity
 MV16  Mobilityb of Italian graduates 25–39 years (Extra proxy) +
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6  Well‑Being Composite Indicator: Results

With the application of PLS-SEM-KM model, we have identified three homogeneous well-
being groups of Italian provinces. The optimal number of clusters (Fig. 2) identified cor-
responds to the maximum value the of pseudo-F function (around 1.1).

Table  3 shows the loading matrix obtained by the measurement models estimated 
through PLS-SEM-KM with the statistical significance level regarding the t test. It can be 

MV1 MV2 MV3 MV4 MV5 MV6 MV7 MV8 MV9 MV10 MV11 MV12 MV13 MV14 MV15 MV16

LV1 LV2 LV3 LV4 LV5 LV6 LV7 LV8 LV9

WB

Fig. 1  Path diagram of the specified structural equation model

Fig. 2  Pseudo-F function obtained by the PLS-SEM-KM algorithm
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observed that all MVs have significant reflective effects (correlation different from zero) 
of the corresponding LV, except for “Overcrowding of prisons” (MV9), which shows a 
non-significant loading (0.050), in fact, also the sign is not correct. Moreover, the direct 
effect on the well-being by MV9 is not statistically relevant (0.202). Thus, the evidence 
shows that the indicator “Overcrowding of prisons” is insufficient in defining the (LV5) 
dimension “Politics and Institutions”, and other additional MVs should be collected and 
included. We do not move this MV in a different dimension because we wish to be con-
sistent with the structure defined by Giovannini et al. (2012). A similar comment applies 
also to the (MV13), “Availability of urban green” and the corresponding (LV7) “Cultural 
Heritage”. This time the MV just has a slight significant reflective effect of the LV (0.105) 
and also a direct effect of the well-being (0.226); however, also in this case, it is clear 
the need to include more MVs to better describe this dimension, because, as it is now, 
there is a limited level of relations. The last column of Table 3 shows the “direct” correla-
tions of each MV with the well-being dimension (i.e., the composite indicator). From this 
analysis, we can see that the theoretical polarity associated to each observed variable (see 
Table 2) is well described by the measurement-PLS approach. It is worth underlining that 
“Work and Conciliation of Life Times” is a dimension (LV3) well represented by: (MV4) 
“Unemployed rate”, (MV5) “Unemployed rate 20–64 years” (Extra proxy), (MV6) “Young 
employment rate 20–29 years” and (MV7) “Young unemployment rate 20–29 years” (Extra 
proxy), since the correlation is, in absolute terms, around 0.9. Similar considerations apply 
to “Health” (LV1) with MV1 “Healthy life expectancy at birth”; “Education and Training” 
(LV2) with (MV2) “Graduates and other tertiary degrees 30–34 years” and (MV3) “Early 
exit from the education and training system (NEET)”; “Innovation, Research and Creativ-
ity” (LV9) with (MV16) “Mobility of Italian graduates 25–39 years” (Extra proxy).

Table 4 shows the proportion of the total variance of the nine second-order constructs 
explained by each MVs and the explained variance by the single constructs. The amount 
of this proportion of explained variance is equal to about 80% of the total variance: a very 
good value. It is interesting to observe that the variance is explained mainly by: “Work 
and Conciliation of Life Times” (LV3, 24%); “Education and Training” (LV2, 10%) and 
“Safety” LV6 (9%); while all remaining dimensions produce each an explained variance 
about equal to 6%.

In Table 5 the path coefficients’ matrix of the estimated structural-PLS model is shown.
From the structural model we can see the formative part of the Italian provincial well-

being, which is highly affected by the Work-life balance construct (0.666), followed by 
Health (0.324) and Economic well-being (0.247) constructs. Whereas, the values of Cul-
tural heritage (0.067) and Education (0.053) constructs are very low and, then the con-
tributions of the dimensions are very negligible. Politics and Institutions represented by 
“Overcrowding of prisons” is confirmed to be not statistically significant and therefore we 
underline the need to have additional indicators to better characterise this dimension.

In summary, we can say that the overall fit of the structural model is good: R2 = 0.74 , 
i.e. the mean value of R2  for all the endogenous constructs is high, such as the measure-
ment models, where almost all the communalities are bigger than 0.5. In terms of cluster-
ing results, seems that the 3 clusters identified by the PLS-SEM-KM algorithm describe 3 
level of well-being, i.e., high, medium, and low. Figure 3 shows the boxplots of the normal-
ized latent scores distributions represented by each cluster.

For high level of well-being in the first cluster, the latent dimensions with high values 
similar to well-being values are safety, economy, and education; whereas, work-life and 
health are lower. For a medium level of well-being the values of health, environment, and 
work-life dimensions are more similar to well-being values and all the other dimensions 
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have higher values. All the dimensions show higher values than a very low level of well-
being in the third cluster.

The Italian provinces are classified into each cluster according with the different values 
of the well-being composite indicator, as represented in Fig. 4.

The cluster structure shows that the group with high well-being levels is mostly com-
posed of the northern Italian provinces and some provinces of central regions of Italy for 

Table 4  Matrix of the relative contributions of MVs and explained variance by factors

MVs LV1 LV2 LV3 LV4 LV5 LV6 LV7 LV8 LV9

MV1 1.000 0 0 0 0 0 0 0 0
MV2 0 0.550 0 0 0 0 0 0 0
MV3 0 0.450 0 0 0 0 0 0 0
MV4 0 0 0.237 0 0 0 0 0 0
MV5 0 0 0.243 0 0 0 0 0 0
MV6 0 0 0.261 0 0 0 0 0 0
MV7 0 0 0.259 0 0 0 0 0 0
MV8 0 0 0 1.000 0 0 0 0 0
MV9 0 0 0 0 1.000 0 0 0 0
MV10 0 0 0 0 0 0.372 0 0 0
MV11 0 0 0 0 0 0.125 0 0 0
MV12 0 0 0 0 0 0.503 0 0 0
MV13 0 0 0 0 0 0 1.000 0 0
MV14 0 0 0 0 0 0 0 0.138 0
MV15 0 0 0 0 0 0 0 0.862 0
MV16 0 0 0 0 0 0 0 0 1.000
Var. 1.000 1.549 3.768 1.000 1.000 1.428 1.000 0.954 1.000
Prop. 0.063 0.099 0.236 0.063 0.063 0.089 0.063 0.060 0.063
Cum. 0.063 0.160 0.395 0.458 0.520 0.610 0.672 0.732 0.794

Table 5  Structural model matrix estimated by PLS-SEM-KM (correlation coefficients)

***p value ≤ 0.01
**0.01 < p value ≤ 0.05
*0.05 < p value ≤ 0.10

LV1 LV2 LV3 LV4 LV5 LV6 LV7 LV8 LV9 WB

LV1 0 0 0 0 0 0 0 0 0 0.324**
LV2 0 0 0 0 0 0 0 0 0 0.053*
LV3 0 0 0 0 0 0 0 0 0 0.666**
LV4 0 0 0 0 0 0 0 0 0 0.247*
LV5 0 0 0 0 0 0 0 0 0 0.117
LV6 0 0 0 0 0 0 0 0 0 0.163**
LV7 0 0 0 0 0 0 0 0 0 0.067*
LV8 0 0 0 0 0 0 0 0 0 0.192*
LV9 0 0 0 0 0 0 0 0 0 0.198**
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a range of values from 0.623 to 1.000 distributed in 55 provinces. Specifically, Milano is 
the province with the best value of well-being (1.0) and also Bologna, Monza-Brianza, 
Treviso, and Firenze have very high levels of well-being, whereas Genova and Arezzo have 
the lowest values in this cluster. In the second cluster 30 provinces are classified through 
medium well-being levels, with a very restricted range from 0.557 (Ascoli-Piceno) to 0.334 
(Rieti), a few of these are in northern-eastern regions of Italy, many in central regions, and 
a few in southern regions. The third cluster includes only 24 provinces mostly in the South 
of Italy with the lowest well-being levels from 0.329 (Sassari) to 0.000 (Caltanissetta).

The results of the present study are consistent with rankings of the Italian provinces 
according to measurements such as life quality level. In addition, the classification of prov-
inces in the clusters has many connections with the distribution of provinces by BES level 
along the ISTAT methods.

Finally, since only some provinces are allocated on the borderline between different 
clusters, e.g., Imperia, Ascoli Piceno, Taranto, and Barletta-Andria-Trani, the overlapping 
could be solved by extending the PLS-SEM-KM model to a fuzzy clustering approach.

7  Conclusions

In wide a range of applications for empirical data analysis, the assumption that data are 
collected from a single homogeneous population is often unrealistic. In particular, the iden-
tification of different groups of observations and their appropriate consideration in PLS 
Path Modeling constitutes a critical issue.

The traditional approach of segmentation in Structural Equation Modeling consists in 
estimating separate models for objects segments, which have been obtained by assigning 
observations to a priori segments. Then, each class has different component scores, struc-
tural coefficients, outer weights and loadings. PLS-SEM-KM estimates the best partition of 
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Fig. 3  Box-plots of the normalized latent scores distributions represented by cluster 1 (top), cluster 2 (cen-
tre), and cluster 3 (bottom)
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the units corresponding to the best PLS-SEM model and vice versa, thus it may be seen to 
define a consensus of the traditional class-conditional PLS-SEM models. This methodol-
ogy is particularly useful in the composite indicator construction, providing, as additional 
tool, the classification of the units. Units in the classes have similar value of the composite 
indicator and therefore the methodology allows to identify units in different classes that 
significantly differ form each other. In fact, in the case of well-being we have estimated 
the relevant relationships between the (latent) Italian provincial well-being indicator and 
its domains. The PLS-SEM-KM approach has provided a single PLS-SEM estimation of 
relations between MVs and LVs, these last modelled according to conceptual structure pro-
posed by (Giovannini, et  al. 2012). The good fit of the model allows us to say that the 
conceptual structure measured with the 16 MVs is confirmed except for the Politics and 
Institutions that need to be better defined by additional MVs. The methodology has guar-
anteed the identification of the best partition of provinces according to this conceptual 
structure. Three classes have been identified corresponding to three levels of provincial 
well-being. The gap statistics has guided the correct identification of the number of clusters 
with the largest isolation among segments, measured according to the deviance between 
classes, and the smallest heterogeneity within segments measured by the deviance within 
each class.

To get agreement on the identification of dependent variables and their relationships in 
a defined context is important for driving scientific research where a comprehensive and 
empirically well-supported theory is lacking. A robust theory is needed in order to find 
relationships and to develop lines of study helpful for breaking new ground.

From a substantive point of view, the promise of enhancing our understanding of the 
role of well-being in the world encourages future research, as well-being and its underlying 
constructs continue to provide crucial knowledge to inform policy-makers.

A last note is relevant about the availability and usefulness of data at local level because 
“…sometimes indicators are available at a very detailed territorial level, but they are not 
robust or complete enough…” (Taralli et al. 2015). As known, ISTAT is engaged in a pro-
ject aimed at constructing a provincial BES in order to provide additional information and 
implement well-being studies at local level.

Furthermore, a good index of well-being should provide a complete description of how 
the economic system works because no single measure can cover the full range of environ-
mental, social and economic issues and the use/combination of different approaches should 
be the subject of future research (Giannetti et al. 2015).

Acknowledgements Open access funding provided by UniversitÃ degli Studi di Catania within the CRUI-
CARE Agreement.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International License, 
which permits use, sharing, adaptation, distribution and reproduction in any medium or format, as long 
as you give appropriate credit to the original author(s) and the source, provide a link to the Creative Com-
mons licence, and indicate if changes were made. The images or other third party material in this article 
are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly 
from the copyright holder. To view a copy of this licence, visit http://creat iveco mmons .org/licen ses/by/4.0/.

http://creativecommons.org/licenses/by/4.0/


426 V. Tomaselli et al.

1 3

References

Adler, A., & Seligman, M. E. P. (2016). Using wellbeing for public policy: Theory, measurement, and rec-
ommendations. International Journal of Wellbeing, 6(1), 1–35. https ://doi.org/10.5502/ijw.v6i1.429.

Afsa C., & Blanchet, D. (2008). Survey of existing approaches to measuring socioeconomic progress. Work-
ing paper retrieved from the National Institute of Statistics and Economic Studies, website: https ://
www.insee .fr/fr/stati sti-ques/fichi er/25509 27/Surve yofEx istin gAppr oache s.pdf.

Allin, P., & Hand, D. J. (2014). The wellbeing of nations: Meaning, motive and measurement. New York, 
NY: Wiley.

Allin, P., & Hand, D. J. (2017). New statistics for old?-measuring the wellbeing of the UK. Journal of Royal 
Statistical Society Series A (Statistics in Society), 180(Part I), 3–43.

Bache, I. (2019). How does evidence matter? Understanding ‘what works’ for wellbeing. Social Indicators 
Research, 142(3), 1153–1173.

Barrington-Leigh, C. P., & Escande, A. (2018). Measuring progress and well-being: A comparative review 
of indicators. Social Indicators Research, 135, 893–925. https ://doi.org/10.1007/s1120 5-016-1505-0.

Boccuzzo, G., & Fordellone, M. (2015). Comments about the use of PLS path modeling in building a job 
quality composite indicator. Working Paper Series, 2/2015, Padova

Casmiri, G., Di Berardino, C., & Mauro G. (2013). Benessere nelle province italiane: un tentativo di mis-
urazione delle disparità. In Fratesi U. e Pellegrini G., Territorio, istituzioni, crescita. Scienze regionali 
e sviluppo del paese, (pp. 67–88), Libri AISRE, Milano: FrancoAngeli.

Cataldo, R., Grassia, M. G., Lauro, N. C., & Marino, M. (2017). Developments in Higher-Order PLS-PM 
for the building of a system of Composite Indicators. Quality & Quantity, 51(2), 657–674.

Chelli, F., Ciommi, M., Emili, A., Gigliarano, C., & Taralli, S. (2017). A new class of composite indicators 
for measuring well-being at the local level: An application to the Equitable and Sustainable Well-being 
(BES) of the Italian Provinces. Ecological Indicators, 76, 281–296.

Conte, L., Della Torre, G., & Vasta, M. (2007). The human development index in historical perspective: 
Italy from Political Unification to the Present Day. Departmental Working Paper, n. 491, University 
of Siena.

Daly, H. E., & Cobb, J. B. (1994). For the common good: Redirecting the economy toward community, the 
environment, and a sustainable future. Boston: Beacon Press.

Davino, C., Dolce, P., Taralli, S., & Esposito Vinzi, V. (2018). A quantile composite-indicator approach for 
the measurement of equitable and sustainable well-being: A case study of the Italian Provinces. Social 
Indicators Research, 136(3), 999–1029.

De Muro, P., Mazziotta, M., & Pareto, A. (2011). Composite indices of development and poverty: an appli-
cation to MDG Indicators. Social Indicators Research, 104(1), 1–18.

De Soete, G., & Carroll, J. D. (1994). K-means clustering in a low-dimensional Euclidean space. In E. 
Diday, Y. Lechevallier, M. Schader, P. Bertrand, & B. Burtschy (Eds.), New approaches in classifica-
tion and data analysis (pp. 212–219). Heidelberg, DE: Springer.

Decancq, K., & Schokkaert, E. (2016). Beyond GDP: Using equivalent incomes to measure well-being in 
Europe. Social Indicator Research, 126(1), 21–55.

Diener, E., Emmons, R. A., Larsen, R. J., & Griffin, S. (1985). The satisfaction with life scale. Journal of 
Personality Assessment, 49(1), 71–75. https ://doi.org/10.1207/s1532 7752j pa490 113.

Diener, E., Lucas, R., Schimmack, U., & Helliwell, J. (2009). Well-being for public policy. Oxford, UK: 
Oxford University Press. https ://doi.org/10.1093/acpro f:oso/97801 95334 074.001.0001.

Dodge, R., Daly, A., Huyton, J., & Sanders, L. (2012). The challenge of defining wellbeing. International 
Journal of Wellbeing, 2(3), 222–235. https ://doi.org/10.5502/ijw.v2i3.4.

Dolan, P., & Metcalfe, R. (2012). Measuring subjective wellbeing: Recommendations on measures for 
useby national government. Journal of Social Policy, 41, 409–427.

Durand, M. (2015). The OECD better life initiative: How’s life? and the measurement of well-being. Review 
of Income and Wealth, 61(1), 4–17.

Eger, R. J., & Maridal, J. H. (2015). A statistical meta-analysis of the wellbeing literature. International 
Journal of Wellbeing, 5(2), 45–74. https ://doi.org/10.5502/ijw.v5i2.4.

Esposito, Vinzi V., Chin, W. W., Henseler, J., & Wang, W. (2010). Handbook of partial least squares: Con-
cepts, methods and applications. Heidelberg, DE: Springer.

Everett, G. (2015). Measuring national well-being: A UK perspective. Review of Income and Wealth, 61(1), 
34–42.

Fayers, P. M., & Hand, D. J. (2002). Causal variables, indicator variables and measurement scales: An 
example from quality of life. Journal of the Royal Statistical Society: Series A (Statistics in Society), 
165(2), 233–266.

Fleurbaey, M. (2015). Beyond income and wealth. Review of Income and Wealth, 61(2), 199–219.

https://doi.org/10.5502/ijw.v6i1.429
https://www.insee.fr/fr/statisti-ques/fichier/2550927/SurveyofExistingApproaches.pdf
https://www.insee.fr/fr/statisti-ques/fichier/2550927/SurveyofExistingApproaches.pdf
https://doi.org/10.1007/s11205-016-1505-0
https://doi.org/10.1207/s15327752jpa490113
https://doi.org/10.1093/acprof:oso/9780195334074.001.0001
https://doi.org/10.5502/ijw.v2i3.4
https://doi.org/10.5502/ijw.v5i2.4


427Building Well-Being Composite Indicator for Micro-Territorial…

1 3

Fleurbaey, M., & Blanchet, D. (2013). Beyond GDP: Measuring welfare and assessing sustainability. 
Oxford: Oxford University Press.

Fordellone, M., Tomaselli, V., & Vichi, M. (2019). A new proposal for building immigrant integration com-
posite indicator. In: Porzio G. C., Greselin F., Balzano S. (Eds) CLADAG 2019-12th scientific meeting 
of the classification and data analysis, pp. 199–202, Cassino: Edizioni Università di Cassino, ISBN: 
978-88-8317-108-6.

Fordellone, M., & Vichi, M. (2018). Structural equation modeling and simultaneous clustering through the 
partial least squares algorithm. arXiv preprint:1810.07677.

Fordellone, M., & Vichi, M. (2020). Finding groups in structural equation modeling. Computational Statis-
tics & Data Analysis. https ://doi.org/10.1016/j.csda.2020.10695 7.

Forgeard, M. J. C., Jayawickreme, E., Kern, M. L., & Seligman, M. E. P. (2011). Doing the right thing: 
Measuring well-being for public policy. International Journal of Wellbeing, 1, 79–106.

Giannetti, B. F., Agostinho, F., Almeida, C. M., & Huisingh, D. (2015). A review of limitations of GDP and 
alternative indices to monitor human wellbeing and to manage eco-system functionality. Journal of 
Cleaner Production, 87, 11–25.

Giovannini, E., Morrone, A., Rondinella, T., & Sabbadini, L. L. (2012). L’iniziativa CNEL-ISTAT per la mis-
urazione del Benessere Equo e Sostenibile in Italia. Autonomie locali e servizi sociali, 1, 125–136.

Graham, C. (2010). The challenges of incorporating empowerment into the HDI: Some lessons from happi-
ness economics and quality of life research. Human Development Reports Research Paper, Documento de 
investigación, 2010/13. New York: United Nations Development Programme, 1–54.

Hagerty, M., Cummins, R., Ferriss, A., Land, K., Michalos, A., Peterson, M., et  al. (2001). Quality of Life 
Indexes for National Policy: Review and agenda for research. Social Indicators Research, 55(1), 1–96. 
https ://doi.org/10.1023/A:10108 11312 332.

Haq, R., & Zia, U. (2013). Multidimensional wellbeing: An index of quality of life in a developing economy. 
Social Indicators Research, 114(3), 997–1012.

Helliwell, J. F., Layard, R., & Sachs, J. (2012). Some policy implications. In J. F. Helliwell, R. Layard, & J. 
Sachs (Eds.), World happiness report (pp. 90–107). New York, NY: The Earth Institute, Columbia 
University.

ISTAT. (2018). BES 2018: Il benessere equo e sostenibile in Italia. Roma: Istituto Nazionale di Statistica.
Jayawickreme, E., Forgeard, M. J., & Seligman, M. E. (2012). The engine of well-being. Review of General 

Psychology, 16(4), 327–342. https ://doi.org/10.1037/a0027 990.
Jolliffe, I. T., & Cadima, J. (2016). Principal component analysis: A review and recent developments. Philo-

sophical Transactions of the Royal Society, A, 374, 20150202. https ://doi.org/10.1098/rsta.2015.0202.
Kahneman, D., & Deaton, A. (2010). High income improves evaluation of life but not emotional well-being. 

Proceedings of the National Academy of Sciences, 107(38), 1648–16493. https ://doi.org/10.1073/
pnas.10114 92107 .

Kuznets, S. (1937). National Income 1919–1935, Retrieved from National Bureau of Economic Research 
(NBER), website: http://www.nber.org/chapt ers/c423.

Lauro, C. N., Grassia, M. G., & Cataldo, R. (2018). Model based composite indicators: New developments in 
partial least squares-path modeling for the building of different types of composite indicators. Social Indi-
cators Research, 135(2), 421–455.

Layard, R. (2011). Happiness: Lessons from a new science (2nd ed.). New York, NY: Penguin Press.
Lehtonen, M. (2015). Indicators: tools for informing, monitoring or controlling? In A. J. Jordan & J. R. Turn-

penny (Eds.), The tools of policy formulation: Actors, capacities, venues and effects New Horizons in Pub-
lic Policy (pp. 76–99). Cheltenham, UK: Edward Elgar.

Maggino, F. (2017). Developing indicators and managing the complexity. In F. Maggino (Ed.), Complexity in 
Society: From indicators construction to their synthesis (pp. 87–114). Cham: Springer.

Maggino, F., & Zumbo, B. D. (2012). Measuring the quality of life and the construction of social indicators. 
In K. C. Land, A. C. Michalos, & M. J. Sirgy (Eds.), Handbook of social indicators and quality-of-life 
research (pp. 201–238). Dordrecht: Springer.

Mazziotta, M., & Pareto, A. (2013). Methods for constructing composite indices: One for all or all for One? 
Rivista Italiana di Economia Demografia e Statistica, 67(2), 67–80.

Mazziotta, M., & Pareto, A. (2016). On a generalized non-compensatory composite index for measuringsocio-
economic phenomena. Social Indicators Research, 127(3), 983–1003.

Mazziotta, M., & Pareto, A. (2018). Measuring well-being over time: The adjusted Mazziotta-Pareto index ver-
sus other non-compensatory indices. Social Indicators Research, 136(3), 967–976.

Mazziotta, M., & Pareto, A. (2019). Use and misuse of PCA for measuring well-being. Social Indicators 
Research, 142(2), 451–476.

McGregor, J. A. (2015). Global initiatives in measuring human wellbeing: Convergence and diference. CWiPP 
Working Paper No. 2. Shefeld: Centre for Wellbeing in Public Policy, University of Shefeld.

https://doi.org/10.1016/j.csda.2020.106957
https://doi.org/10.1023/A:1010811312332
https://doi.org/10.1037/a0027990
https://doi.org/10.1098/rsta.2015.0202
https://doi.org/10.1073/pnas.1011492107
https://doi.org/10.1073/pnas.1011492107
http://www.nber.org/chapters/c423


428 V. Tomaselli et al.

1 3

Michalos, A. C. (2005). Citation classics from social indicators research: The most cited articles edited and 
introduced by Alex C. Michalos. Dordrecht: Springer.

Michalos, A. C. (2014). Encyclopedia of quality of life and well-being research. Berlin: Springer. https ://doi.
org/10.1007/978-94-007-0753-5.

Michalos, A. C., Smale, B., Labonté, R., Muharjarine, N., Scott, K., & Moore, K., et al. (2011). The Canadian 
Index of Wellbeing. Technical Report 1.0. Waterloo, ON: Canadian Index of Wellbeing and University of 
Waterloo.

Monni, S. (2002). L’indice dello sviluppo umano nelle province italiane. La Questione Agraria, 1, 115–130.
Mulgan, G. (2005). Government, knowledge and the business of policy making: The potential and limits of 

evidence-based policy. Evidence and Policy, 1(2), 215–226.
Neumayer, E. (1999). The ISEW: Not an index of sustainable economic welfare. Social Indicators Research, 

48(1), 77–101.
Nordhaus, W. D., & Tobin, J. (1972). Is growth obsolete? Economic Research: Retrospect and Prospect, 5, 

1–80.
Nussbaum, M., & Sen, A. (1993). The quality of life. Oxford: Oxford University Press.
Nuvolati, G. (2003). Socioeconomic development and quality of life in Italy. In M. Joseph Sirgy, D. Rahtz, & A. 

C. Samli (Eds.) Advances in quality-of-life theory and research (pp. 81–98). Dordrecht: Kluwer Academic 
Publishers.

OECD. (2008). Handbook on constructing composite indicators. Methodology and User guide. Paris, FR: 
OECD Publishing. Available online: http://www.oecd.org/std/42495 745.pdf.

OECD. (2015). How’s life? 2015 measuring well-being. Paris, FR: OECD Publishing. Available online: http://
dx.doi.org/10.1787/97892 64121 164-en.

Peiró-Palomino, J., & Picazo-Tadeo, A. J. (2018). OECD: One or many? Ranking countries with a composite 
well-being indicator. Social Indicators Research, 139(3), 847–869.

Pollard, E., & Lee, P. (2003). Child well-being: A systematic review of the literature. Social Indicators 
Research, 61(1), 9–78. https ://doi.org/10.1023/A:10212 84215 801.

Redclift, M. (2005). Sustainability: Critical concepts in the social sciences. London: Routledge.
Ringle, C. M., Sarstedt, M., & Straub, D. W. (2012). Editor’s Comments: A Critical Look at the Use of PLS-

SEM in” MIS Quarterly”. MIS quarterly, iii–xiv.
Rojas, M., & García-Vega, J. J. (2017). Well-being in Latin America. In R. J. Estes & M. J. Sirgy (Eds.), The 

pursuit of human well-being. The untold global history. International handbooks of quality-of-life. New 
York NY: Springer.

Russolillo, G. (2012). Non-metric partial least squares. Electronic Journal of Statistics, 6, 1641–1669.
Sachs, J. (2012). Introduction. In J. F. Helliwell, R. Layard, & J. Sachs (Eds.), World happiness report. New 

York, NY: Columbia University. https ://doi.org/10.1007/978-3-8349-6942-21.
Salzman, J. (2003). Methodological choices encountered in the construction of composite indices of economic 

and social well-being.. Ottawa, CA: Technical Report. Center for the Study of Living Standards.
Sarra, A., & Nissi, E. (2019). A Spatial Composite Indicator for Human and Ecosystem Well-Being in the Ital-

ian Urban Areas. Social Indicators Research. https ://doi.org/10.1007/s1120 5-019-02203 -y.
Scott, K. (2012). Measuring wellbeing: Towards sustainability?. Abingdon: Earthscan.
Seaford, C. (2013). The multiple uses of subjective well-being indicators. Social Indicators Research, 114(1), 

29–43.
Sen, A. K. (1999). Commodities and capabilities. Delhi, IN: Oxford University Press.
Shalizi C. R. (2009). The truth about principal components and factor analysis. Available online: http://www.

stat.cmu.edu/~cshal izi/350/lectu res/13/lectu re-13.pdf.
Simonetto, A. (2012). Formative and reflective models: State of the art. Electronic Journal of Applied Statistical 

Analysis, 5, 452–457.
Stiglitz, J. E., Sen, A. K., & Fitoussi, J. P. (2009). Report of the Commission on the Measurement of Economic 

Performance and Social Progress. Institut National de la Statistique et des Etudeś Economiques.́ Available 
online: http://www.stigl itz-sen-fitou ssi.fr/docum ents/rappo rtang lais.pdf.

Stiglitz, J. E., Sen, A., & Fitoussi, J. P. (2010). Mismeasuring our lives: Why GDP doesn’t add up. New York, 
NJ: The New Press.

Talberth J., Cobb C., & Slattery, N. (2007). The genuine progress indicator 2006, Retrieved from Tufts Univer-
sity, website: http://ase.tufts .edu/gdae/CS/GPI.pdf.

Taralli, S., Capogrossi, C., & Perri, G. (2015). Measuring equitable and sustainable well-being (BES) forpolicy-
making at local level (NUTS3). Rivista Italiana di Economia, Demografia e Statistica, 69(3/4), 95–107.

Tasaki, T., & Kameyana, Y. (2015). Sustainability indicators: are we measuring what we ought to measure? 
Global Environmental Research, 19, 147–154.

Tibshirani, R., Walther, G., & Hastie, Y. (2001). Estimating the number of clusters in a data set via the gap sta-
tistic. Journal of the Royal Statistical Society: Series B (Statistical Methodology), 63(2), 411–423.

https://doi.org/10.1007/978-94-007-0753-5
https://doi.org/10.1007/978-94-007-0753-5
http://www.oecd.org/std/42495745.pdf
http://dx.doi.org/10.1787/9789264121164-en
http://dx.doi.org/10.1787/9789264121164-en
https://doi.org/10.1023/A:1021284215801
https://doi.org/10.1007/978-3-8349-6942-21
https://doi.org/10.1007/s11205-019-02203-y
http://www.stat.cmu.edu/%7ecshalizi/350/lectures/13/lecture-13.pdf
http://www.stat.cmu.edu/%7ecshalizi/350/lectures/13/lecture-13.pdf
http://www.stiglitz-sen-fitoussi.fr/documents/rapportanglais.pdf
http://ase.tufts.edu/gdae/CS/GPI.pdf


429Building Well-Being Composite Indicator for Micro-Territorial…

1 3

Ul Haq, M. (1995). Reflections on human development. Oxford: Oxford University Press.
Van Beuningen, J., Van der Houwen, K., & Moonen, L. (2014). Measuring well-being. An analysis of different 

response scales. Discussion Paper, 3. Statistics Netherlands.
Van Den Bergh, J. C. (2009). The GDP paradox. Journal of Economic Psychology, 30(2), 117–135.
Veenhoven, R. (1996). Happy life-expectancy. Social Indicators Research, 39(1), 1–58.
Ven, P. (2015). Introduction to the symposium on new measures of well-being: Perspectives from statistical 

offices. Review of Income and Wealth, 61(1), 1–3.
Vichi, M., & Kiers, H. A. (2001). Factorial k-means analysis for two-way data. Computational Statistics & Data 

Analysis, 37(1), 49–64.
Weijers, D. (2014). An interview with Alex C. Michalos. International Journal of Wellbeing, 4(1), 106–110. 

https ://doi.org/10.5502/ijw.v4i1.7.

Publisher’s Note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

https://doi.org/10.5502/ijw.v4i1.7

	Building Well-Being Composite Indicator for Micro-Territorial Areas Through PLS-SEM and K-Means Approach
	Abstract
	1 Introduction
	2 Defining Well-Being: An Open Challenge
	3 Measuring Well-Being by Indicators for Policy Making
	4 Partial Least Squares K-Means Approach
	4.1 Algebraic Notations
	4.2 Model and Algorithm

	5 Building a Well-Being Composite Indicator Through BES Data at Local Level
	6 Well-Being Composite Indicator: Results
	7 Conclusions
	Acknowledgements 
	References




